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Problem Objective

Recognizing ongoing activities from an  »~Our goal Is to develop an activity
unknown video is quite challenging due  recognition system based on sparse

to unavoidable occlusions, background  approximation and low rank approximation
clutter, variation in view-point of cameras ~ models and solve the recognition problem
and so on. Type of features and  using convex optimization tools.
classification strategy contribute most to

the performance of an activity = »Choice of features

recognition system.

Our Approach
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Pre-processing

Y. = Training data labels (missing/corrupted )
¥y —= Test data labels [unknown )

Ly = Completed low rank matrix

E — Sparse error

Experiments
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